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Semi—Supervised Entity Alignment Based on Joint Teaching
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Abstract: Entity alignment aims to identify and correlate equivalent entities across different data sources, but the lack of sufficient training
data remains a major challenge. Traditional semi—supervised methods attempt to generate potential mappings, but they are susceptible to noise
and ignore uncertainties. The newly proposed JTEA method adopts a student—teacher architecture, which combines joint training of seed entity
pairs with potential mappings, along with a bidirectional matching strategy and joint matching confidence scores, to improve mapping accura-
cy and represent uncertainties. Additionally, it introduces a matching diversity alignment selection method to further enhance model perfor-
mance and stability. Experiments have demonstrated the outstanding performance of the JTEA method on benchmark datasets.
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Fig. 1 The overall framework of JTEA
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Fig.2 Legend of bidirectional matching strategy
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Fig.3 Alignment process of DAA rules
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Table 1 Detailed information of datasets
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EN-FR-15K English 15 000 267 47334
French 15 000 210 40864
English 15 000 215 47676
EN-DE-15K

German 15 000 131 50419
DBPedia 15 000 248 38265

D-W-15K
Wikidata 15 000 169 42746
DBPedia 15 000 165 30292
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YAGO 15 000 28 26638
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Table 2 Entity alignment results on 15K datasets
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Table 3 Ablation study results
F3 HEALBER

EN-FR-15K  EN-DE-15K D-W-15K D-Y-15K
R Hits Hits Hits Hits Hits Hits Hits Hits
MRR MRR MRR MRR
@l @5 @l @5 @l @5 @l @5

wlorel. 472 732 .585 .678 .840 .747 .553 757 .641 .700 .842 .759
w/o PML 485 .717 .590 .671 .836 .744 .520 .708 .605 .541 .684 .605
w/o BMS 556 .781 .656 .707 .863 .777 .629 .812 .709 .725 .856 .783
w/o MDS 560 .791 .663 .711 .863 .779 .635 .822 .718 .731 .862 .788
w/o B&M .542 771 .644 .694 .857 .766 .609 .802 .693 .712 .849 .774
JTEA 580 .808 .681 .727 .877 .799 .645 .828 .733 .736 .869 .800
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Fig.4 The number of GAT layers
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Fig.5 Momentum parameter
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